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® H ARH: Great Expectation, Spark, Kafka., Hadoop. Hive, Airflow, Delta Lake, Yarn, S3.
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Self-Description

e  Familiar with new retail industry and automotive industry.

e Holder of Alibaba Large Model Certificate, with extensive experience in AWS and Azure
clouds.

e Familiar with agile development and project management, holder of PMP certificate.
Skilled in leading cross-functional and multi-cultural teams, with excellent
communication and problem-solving abilities.

e Capable of building a relationship of trust with customers, accurately understanding
their needs and translating them into concrete project outcomes.

e Rich experience in cloud computing, big data, data quality, data lineage, data
compliance, and modeling; able to design and develop systems from scratch.

Personal Projects

Al chat tool: https://main.dnvvlhwOuwpc6.amplifyapp.com

Task management tool: https://main.d1rfx5fdubwom?2.amplifyapp.com

Image processing Al tool: https://main.d2dysi9ch8qgp9b.amplifyapp.com

Technologies

Scala, Python, Java & C#, React, Next Js, TypeScript, JavaScript, Tailwind, ShadCN

Cloud platforms :(AWS, Azure, Vercel), big data components (Hive, Spark, Kafka, Delta Lake)

Work Experience

IBM (Mar 2021 — Present): Application Architect

Mercer (China) Co., Ltd. (Oct 2010 — Feb 2021): Leader of the Development

Kanwen Software (Jul 2008 — Sep 2010): Engineer

Beijing Shengande Technology Co., Ltd. (Jul 2004 — Jun 2008): Engineer

Project Experience
IBM Projects
Jan 2024 — Present: TDC

Project Description
The Hong Kong Trade Development Council is a statutory body in Hong Kong. It promotes, supports, and
develops Hong Kong's trade SMEs. It mainly assists businesses by organising international exhibitions,

conferences, and trade missions. The EOP is an exhibition platform for exhibitors, replacing a legacy system
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that had been in use for 15 years. TDC wants EOP to support various local and overseas fairs and conferences,

making it more efficient and flexible.
Technical Stack

FE: Figma, Next.js, React, i18n, Zod, ShadCN, Tailwind

BFF: TypeScript, API Validator, Cache, Authentication

BE: Micro Service, Spring Boot, Feign, ALB, JPA, Debezium, SonarQube, Mockito, JUnit

Cloud: S3, ECR, ECS, Fargate, Lambda, Api Gateway, SSM, SQS, MSK, Maria, Dynamo, Cloud Formation

Key Responsibilities
Management

Define project waves based on overall target and scope. Define iteration targets for different waves. Work with

the Scrum Master to manage the project, communicate, and complete goals in each iteration.

Technology

Translate FR and NFR into technical solutions. Identify and resolve technical issues. Write technical documents
(HLD, LLD). Select technology, design functional modules and APIs, decompose services, and review MRs.
Lead front-end and back - end teams in Dalian, Beijing, and Shanghai to develop project functional modules.

March 2023 — December 2024: Volkswagen (Anhui)
Project Description: Smart Factory (lloT)
Key Responsibilities

= Utilize cloud computing, big data, security and technologies to conduct technology selection and
architecture design, and customize hybrid cloud-based system solutions for clients.

= Use loT technologies, such as the MQTT protocol, to establish stable communication links between
devices and platforms, ensuring reliable data transmission, low latency, and the accuracy and timeliness of
device data.

= Design architecture schemes based on hybrid clouds according to project requirements, plan resource
allocation effectively, formulate detailed project plans, and ensure that system development, testing, and
deployment proceed on schedule to guarantee smooth project delivery.

= Develop customized loT data monitoring panel functional modules based on business requirements, such
as setting up permission management and report generation for different customer roles.

= Collaborate with data analysis teams to deeply mine and analyze collected device data. Use machine
learning algorithms to predict equipment failures, provide advance maintenance alerts, and reduce
equipment downtime.

®  Conduct platform usage training for business departments and customers to familiarize them with the
functions of loT data monitoring panels. Improve their ability to independently manage equipment,

collect user feedback, and continuously optimize platform functions and user experience.



Actively identify potential risks during project implementation, develop and execute effective risk
management plans. Conduct regular risk assessments, detect risks in a timely manner, develop targeted
mitigation strategies, and continuously monitor risk conditions to ensure stable project operations.
Responsible for writing and maintaining project technical documents, including PRD, 4A, HHD, and LLD,
etc. Ensure the completeness, accuracy, and timely updates of technical documents, provide
comprehensive technical guidance for project teams, strictly complete technical document reviews,

ensure document quality, and make them important supporting materials for project delivery.

Nike GCDS (Great China Data Store) Project (Mar 2021 — Dec 2023)

Project Description

Nike's big data platform based on AWS. Data is ingested into a data lake via the DCS system and an

anonymous system. The platform combines data quality, metadata management, scheduling, and ETL systems

to perform data storage, data warehouse modeling, and data computation, derivation, and analysis. It

provides data for ML and B, offers a data mart to departments, and provides APls to other systems.

Technical Stack

Great Expectation, Spring Boot, Java, Airflow, Yarn, S3, Lambda, CloudWatch, SQS, RDS, EC2, EMR.

Key Responsibilities

Management

Clarified the framework of Nike's Global Big Data Platform, established a Data Localization roadmap for
the China region, and provided an AWS - based system solution. Conducted system development,
testing, and deployment as per the plan.

Communicated with clients and other vendors to ensure a unified understanding of project requirements
and goals. Coordinated with relevant teams to address issues arising during project execution. Tracked
the implementation of solutions to ensure all actions were carried out according to the timetable and
adjusted for new problems.

Managed project requirements using agile development methods, ensuring accuracy and relevance.
Established a change management process for requirements to handle dynamic changes and minimize
impacts on project progress and budget. Ensured project delivery on time and within budget.

Identified and managed potential risks developed response strategies. Conducted regular risk
assessments and established preventive measures to avoid project goal disruptions. Set up a risk
communication mechanism to keep the team informed of risk status and reduce project uncertainty and

potential losses.

Technical

Data Warehouse: Consumer behavior data was collected via sensors into the DSP system and
synchronized to the DAS system using Spark Streaming. The DAS system managed the entire data
lifecycle. Dimensional modeling was performed in Hive across multiple layers, with data transformations

between layers using HQL. Airflow was used for job scheduling and task execution on EMR. Data quality



was monitored using GX across six DAMA dimensions, with alerts sent via Internal SLA (Airflow Built-In)
and External SLA (Lambda). Data lineage was managed using Atlas, Open Linage, Spline, and Marquez.

=  Data Quality: Collaborated with cross-functional teams to gather data quality requirements and designed
technical solutions based on AWS. Completed HLD and LLD, POC, MVP, and Demo. Developed a
roadmap for development and delivery, and worked with teams to complete tool development, testing,
deployment, training, and delivery.

=  Data Quality Tool: Developed using Next Js, Tailwind, ShadCN. Used AWS Lambda for API calls, stored
and maintained data in MongoDB, and deployed on AWS EC2.

= 12. Metadata Collection Tool: Designed and developed using React, Ant Design, Mock, and Open API.
Developed backend services with Spring Boot and Swagger. Implemented SSO using Redis and Okta.
Collected metadata from Hive and Delta Lake using Hive SQL and stored it in MySQL. Deployed using
CI/CD on AWS EC2.

Mercer Projects:
Mercer Data Warehouse

Architecture: User behavior logs are first collected by Adobe into Kafka, which acts as a decoupling layer and
traffic peak shaving. Then, Flume collects Kafka data into Hdfs. Mygl business database data is periodically
collected into Hdfs via Sqoop. Dimensional modeling is performed in Hive, with the following layers: ODS
(stores raw user behavior and business data), DWD (data validation, deduplication, masking, etc., dimensional
modeling, table join operations), DIM (stores dimension table data), DWS (light - aggregation by day), DWT
(heavy - aggregation, statistics for the past N days), ADS (business metrics layer, data from DWS, DWT, DWD,
DIM). ADS layer data is exported to Myql via Sqoop. Data transformation scripts between layers are scheduled
by Azkaban, with email and phone alerts for task exceptions. Data quality is checked via custom Shell scripts
for integrity, consistency, and metric fluctuation. Daily ad - hoc queries are done via Presto. Hive data
permissions are controlled by Ranger at table, row, and column levels. Metadata management is done via

Atlas, showing lineage dependencies for tables and columns, aiding in assessing impacts and tracing issues.

Key Responsibilities

1. Set up big data clusters, configure high availability, write scripts for cluster start - stop and data distribution.
Build collection channels for behavioral logs and business data, using different sync strategies based on table
types, optimizing user table storage with snap - on tables.

2. Perform data warehouse modeling. Communicate with back - end business staff and product managers,
clarify business table relationships and analysis metrics. Draw business bus matrix based on database ER
diagram, plan project layers, create corresponding tables in Hive.

3. Write operation metric analysis statements, optimize HQL, handle data skew and small file issues in
development.

4. Write data governance scripts for filtering and masking, verify data integrity, consistency, and timeliness
across layers.

5. Document key workflows and data lineage.

6. Develop custom UDFs and UDTFs to parse common and event fields, use window functions to meet

requirements.

RTG (Retirement Technical Group)



Project Description: Mercer uses this product to provide retirement, pension, and insurance plans for over 300
global clients. It supports most US and European retirement policies like economic assumptions, service fees,
DBO interest, asset analysis, benefit models, liability measurement, and asset - liability management. Key
modules include cost management, financial disclosure, interim reporting, financial liability sensitivity, funding
and economic assumptions, future - year data, financial template approval, and batch financial/personnel data
management.

The project is divided into three phases. Phase 1: Develop functional modules using .NET technologies, update
features for new clients and policy changes. Phase 2: Migrate to the cloud and use big data technologies
(Spark, Hive, Hadoop, Kafka, Zookeeper) to restructure business logic and move to a big data platform due to
engine computation bottlenecks from increasing data and updated rules. Phase 3: Build a data warehouse to
drive business with data.

Technical Stack

Spark, Hive, Hadoop, Kafka, Zookeeper, Azkaban, Sqoop, S3, EC2, EMR, SQS, SNS, Lambda, RDS, CloudWatch
Key Responsibilities

1. Design big data platform, select technology, develop data processing capabilities, set standards. Plan, build,
and maintain clusters to ensure platform operation.

. Modify and debug Spark source code, fix bugs, enhance performance, solve data skew issues.

. Define custom aggregators based on business rules, create operators for team use.

. Develop custom partitioners to reduce Spark shuffling.

. Redesign and optimize system modules and sorting functions.

. Design data structures for grouped TopN problems.

. Design, build, maintain, and optimize data warehouse systems, perform modeling and development.

. Develop scheduling, metadata management, data quality management, and instant query systems.
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. Solve Spark performance and data skew issues.

10. Analyze and resolve Kafka data repetition and backlog problems.

11. Address Hive performance issues.

12. Participate in project architecture design, deliver POC and MVP.

13. Collaborate with testing teams on automated testing for big data projects.

14. Assist clients in data management and analysis, ensuring secure and compliant data access and use.
Educational Background

Northeast Forestry University (211 University)
Bachelor
Computer Science and Technology



